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2.1 B F—ItY FNTODMRDE (FER)  rulitsu

. . o LDT—HFTY MMSIEHTL\WMDHNS
Auto Data Wrangling Using Large m\f%_/m_\ H T IS — Gy NS,
O0— R U CFujitsu Auto Data Wrangling
Language Models DHREHN B = DT

ﬁ AutoDW Tool: Demo / Test Edition. Current in Development. Version v1.1.11. Last Update on ® J,){—Ft“ (j:\ NYC_A| rbn b(changed)?—g
2023-11-15 22:30 PDT t“} I\%;E(CEEHH big_o

? Unsure which datasets to begin with? No worries! Download our demo datasets and

accompanying instuctions below

B2 TILT =5ty b T
O— R~

[ Download Demo Datasets J

Download Instructions (v1.1)
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titanic.csv 62.0KB

Passengerld

0 1
1 2
2 3
3 4
4 5
5 3
5 7
7 8
8 9
9 10

Survived

0

Pclass

Name

Braund, Mr. Owen Harris

Cumings, Mrs. John Bradley (Florence Briggs Thayer)
Heikkinen, Miss. Laina

Futrelle, Mrs. Jacques Heath (Lily May Peel)

Allen, Mr. William Henry

Maoran, Mr. James

McCarthy, Mr. Timothy J

Palsson, Master. Gosta Leonard

Johnson, Mrs. Oscar W (Elisabeth Vilhelmina Berg)

MNasser, Mrs. Micholas (Adele Achem)

Please select target columns and task type for ML

Target Columns

s

0 : "Survived"

What is the ML task?

Classification

male

female

female

female

male

male

male

male

female

female

38

26

35

35

54

27

14

e titanic.csv
oTERHT—SFY b
e Target column: Survived
e ML task: Classification
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consolidated_coin_data.csv 2.3M8 x

® consolidated coin_data.csv

. 7!—\ —
0  tezos Dec04,201% 1.29 1.32 1.25 1.25 46,048,752 824,588,503 . Fe a t u re lty p e I n fe re n Ce O)xﬂ % % /T g_
1  tezos Dec03,201%9 1.24 1.32 121 1.29 41,462,224 853,213,342 1%% E’\J 5_\\ — g t \\J I\

2 tezos Dec02,201% 1.25 1.26 1.20 1.24 27,574,097 817,872,179

3 tezos Dec01,2019 1.33 1.34 1.25 1.25 24,127,567 828,296,390 . §Q1IE§2 (: %i i g_j:)\‘j \/ Vbﬁiimﬂ i
4 tezos Nov 30,201% 1.31 1.37 1.31 1.33 28,706,667 879,181,680 nt (I \5 E@Y?ﬁlj (: Td: D i 3— (E L/

5 tezos Nov29,201% 1.28 1.34 1.28 131 32,270,224 867,085,098

— — > *g—=
FSEEFEFNSIBEDIAFTNTZZF
6 tezos Nov 28,201% 1.26 1.35 1.22 1.28 44,240,281 845,073,679 (- - y
T tezos Nov 27,2019 1.24 1.27 1.16 1.26 47,723,271 829,672,736 ‘ T t I . C
8  tezos Nov 26,2018 1.24 1.28 1.23 1.24 54,828,808 822,065,277 a rg e CO u I I l n u u rre n Cy
9  tezos Nov 25,2019 1.33 1.33 1.21 1.24 64,554,006 815,688,075 . M L ta S k . CI -f- .
. ClasSITICation

Please select target columns and task type for ML

Target Columns

o

"L

8 : "Currency"

What is the ML task?

Classification v
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T

1

Classific

dirty_data.csv 1.0KB

d 0 t 1  feature_2 t 3

0 0 0 1
1 1 1 2
2 2 2 3
3 3 3 1
4 1 q 5
5 5 5 6
6 6 7

7 7 8

8 9

9 9 10

Please select target columns and task type for ML

Target Columns

target X

0 : "target"

What is the ML task?

ation

o
o ==} -~ @ w - w (=] [ -y

-
[=]

o

8] 8] = (=] (=] o w

edirty_data.csv
e Data cleaning®3IR %z R I KK T —
v
o 1R A IRTEFED T S —HMEDIAFT N/
27—ty (Bl B—HSLADES
S—A8 M"TREINERIBEE)
e Target column: target
e ML task: Classification

\I
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NY_Airbnb_2019(changed).csv 0.8MB b4

® NYC_Airbnb_2019(changed).csv

0 2,539  Clean & quiet apt home by the park Kensington Private room 1 . D\‘ata Cleanlngl FTII Data EanChmentd)ﬁ(\jJ%%/_'l__\a_
1 2,595 Skylit Midtown Castle Midtown Entire homefapt 1 T - gt \y I\

i i o X B - HTEL - BUBELDFFHZINEFENT
3 3,831 Cozy Entire Floor of Brownstone Clinton Hill Entire home/apt 1
” ” HDFET,

4 5,022 Entire Apt: Spacious Studio/Loft by central park Entire home/apt

5 5,099 Large Cozy 1 BR Apartment In Midtown East Murray Hill Entire home/apt 3 . d I rty d ata . CSV t E*id)l 5 i %%ﬁ% (: J: D iiw
6 5121 BlissArtsSpace! Bedford-Stuyvesant Private room 45 \ﬂaj.

T 5178 Large Furnished Room Near B'way Hell's Kitchen Private room

. o ———— R : ® AB_NYC_2019.csv© http://insideairbnb.com/ 2
9 5238 Cute & Cozy Lower East Side 1 bdrm Chinatown Entire home/apt none IJ I/rj__/rj ° :I:E\/Z\ ° 5/]/_E \/X (E/j__\zl'-o
[R) ) 7Z=cfZE U TRk

® Target column: Price
Target Columns . ML taSk: Reg FESSiOn

Please select target columns and task type for ML

;T MUEDR—(EZDOH > T ILT—9 % AN TR
Whatis the ML task? _. T:EEJJET (3:4_037 /]/) I/%'fﬁﬁﬁ

‘ Regression| v

11 © 2023 Fuijitsu Limited
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2.2 5—Atv FEBEESREDIEE (1) FUJITSU

1. Upload Dataset (CSV) for Data Wrangling

Please upload your dataset for ML applications.

Drag and drop file here
Limit 1GB per file » CSV

Browse files

o —~ttw NCSVI 71 IV)Z77vw TO— RIBICIEIZDDHRZEN
MK
oCSVI7AI)Z RSwvJ ROV
e“Browser files"/K5 >z Uw 2L TCSVI 7 1)L 7%&ER

12 © 2023 Fuijitsu Limited
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NY_Airbnb_2019(changed).csv 0.2MEB X
d Ime ocom_type mimim
2,535 Clean & quiet apt home by the park Kensington Private room 1
2,585  Skylit Midtown Castle Midtown Entire home/apt 1
3,647 Harlem Private
3,831 Cozy Entire Floor of Brownstone Clinten Hill Entire home/apt 1
5,022  Entire Apt: Spacious Studio/Loft by central park Entire home/apt
5,099 Large Cozy 1 BR Apartment In Midtown East Murray Hill Entire home/apt 3
5,121  BlissArtsSpace! Bedford-Stuyvesant Private room 45
5178 Large Furnished Room Near B'way Hell's Kitchen Private room
5,203 Cozy Clean Guest Room - Family Apt Upper West Side 2
5,238  Cute & Cozy Lower East Side 1 bdrm Chinatown Entire home/apt none

13

e 7w _J
JLEa

°
FUJITSU

— RUulE—45ty D

— W RIRINE
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© 2023 Fujitsu Limited



2.2 5—Atv MEBEESREDIEE (3) FUJITSU

@ “Target Columns”(CHSUVWTHB

5 5,099 Large Cozy 1 BR Apartment In Midtown East Murray Hill Entire home/apt 3 NT N — N
ZEH(FHUTZEWAS A ZEIRL
6 5,121 BlissArisSpace! Bedford-Stuyvesant Private room 45 QQ’ //\ — b
A\ Y
7 5,178 Large Furnished Room Near B'way Hell's Kitchen Frivate room E < 7___ \
b

5,203 Cozy Clean Guest Room - Family Apt Upper West Side 2

9 5,238 Cute & Cozy Lower East Side 1 bdrm Chinatown Entire home/apt none

Please select target columns and task type for ML

Target Columns

|Choose an option v

id

name
neighbourhood
room_type
minimum_nights
last_review

price

14 © 2023 Fuijitsu Limited
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5,022  Entire Apt: Spacious Studio/Loft by central park Entire home/apt

2l 5] 9 2 g h ( =

5,099  Large Cozy 1 BR Apartment In Midtown East Murray Hill Entire home/apt 3 . *%*}Tk% E % :@TR L/ < 7:—

5,121 BlissArtsSpace! Bedford-Stuyvesant Frivate room 45 é L \ Lx _Fd) g 5 (— — jd) \ETR
le) L_ — 1/ ~

5,178 Large Furnished Room Mear B'way Hell's Kitchen Private room

A}
5,203 Cozy Clean Guest Room - Family Apt Upper West Side 2 H§ \@ -1
Jb D o~ g o

5,238 Cute & Cozy Lower East Side 1 bdrm Chinatown Entire home/apt none / * 4t
- [ ] [ ] \Y 4 "3 \
e Classification: 93%R. BERXHY/RXT]
— 33 ~
le l arg l and task type for M —
Please select target columns and task type for ML 7— | |J %%Zﬁ\[ g 59 Z /- 7

e L e Regression: [AlF, EiffEz T8
9DHRY

!
g " p,_- ce"
]
rl:IﬁL; :l L = :'\-.
Regression v

Classification

Regression

15 © 2023 Fuijitsu Limited



2.3 Feature Type Inference (1) FUJITSU

What is the ML task?

Regression v

The ML task is: Regression

Running Feature Type Inf
s unning Feature Type Inference

e Target Columns &ML Taskzi#EiIR9 D &, Feature type
inference (FTDABEEIN(CEI TSN, /D> LADFeature typeht
HmSA1EK 9

16 © 2023 Fuijitsu Limited



2.3 Feature Type Inference (2) FUJITSU

o FTINTTIDEIDDASLNTRRENET

he L taskis: Regression e Column Name: >—45tw hrDEHS A
DEFIZEFRRUEXT

e Column Type: &> LhTarget (HHNZE

[l optional: User can change the FTI results by clicking the cells of Feature Type column éﬁ) 73\ Feature (4#&&%) b\j&ﬁﬂ__\ L/ i 3’

— — e Feature Type: &> ADFeature type
Column Name ColumnType = =, Feature Type (;k/\o_yﬁgﬁﬂﬂ)%%zl—?basa—

Feature Type Inference (FTI) Results:

price Target MNumeric
id Feature D

name Feature Sentence
neighbourhood Feature Categorical
room_type Feature Categorical
minimum_nights  Feature Categorical
last_review Feature Datetime

17 © 2023 Fuijitsu Limited



2.3 Feature Type Inference (3) FUJITSU

® Feature Types
e Numeric: #18, #1: 1, 2, 3, -
e Categorical: 550U —. #l: male, female
eDatetime: Hi*., #I: 11-23-2022, 15:20PM, -
e Sentence: EHEEDESIK, ffl: “auto data wrangling tools are usefu
eURL: URL, #l: https://www.fujitsu com/global/about/research/
e Embed: ZUBEN S FNIZXFHN(CFEB7 (FtdE). 5l: $1,000
eList: UX K, #: [A, B, C], [1, 2, 3]
oID: ID, #l: 41> wv IR
o Unit: B EEFUMENSENBDXFF, #]: 100m, 60kg
eSign: > <=FDKR/N\ZXKI S ELMENSENDIXFS], #l: >50, <=100
eRange: — DDEDFHZ/RI XF5], fl: 60-100

III

18 © 2023 Fuijitsu Limited


https://www.fujitsu.com/global/about/research/

FTIZRODRSE ((ER) FUjiTSU

What is the ML task?

— | e"Feature Type" 715 AFIRERIFET

The ML task is: Regression

Feature Type Inference {FTI) Results: §

T — o FTHERA FRETITRANVES. XS
Il Uw U TFeature Typez
== = ZEARETY

o o | o LEDF—HS5> DU IE 1 —
S H—HYNEIR U fzFeature typeZz t(c
ETEINET

2. Config Data Wrz

Unit
Based on the FTI results, theffoll i - are pcommended.

19 © 2023 Fuijitsu Limited
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2. Config Data Wrangling Options
Based on the FTI results, the fellowing data wrangling options are recommended.

You may change the recommended options for data wrangling.
J Data Cleaning: Eliminate the errors in ML datasets
Obligatory Data Cleaning: Fix the problems so that the dataset can be handled by common AutoML

tools, e.g. mixed data types in a single column

Optional Data Cleaning: data imputation, etc.
ﬂ Data Enrichment: Add new features to ML datasets

New Features for Text Embedding with LLM.
Apply Dimension Reduction to Text Embedding
Mew Features for Text by KeyPhrase Extraction with LLM.
Mew Features for Text or ID-like Features by Clustering with LLM.
Mew Features generated from List.
Mew Features generated from Datatime.
Mew Features generated from URL.
Mew Features generated from Embedded Numbers.
Mew Features generated from Number Ranges.
Mew Features generated from Unit Features.

Mew Features generated from Inequality Sign.

OFTI*T‘*%%’:TU(L_\ =S50
j:) E)JH,J(L_}}:E*C:\_“C\ 9

OJ_ H—(3IRESINICEREZIZEIET
=X
OF =S IDEREE LTS
BIXHEOMN_DH DX
OData Cleaning: TS5 —BR=E

ObData enrichment: 1 UL VSE=DI1E
[l

20 © 2023 Fuijitsu Limited



2.4 57—H395>20VU>DEE (2) FUJITSU

/ Data Cleaning: Eliminate the errors in ML datasets

Obligatory Data Cleaning: Fix the problems so that the dataset can be handled by common AutoML
tools, e.g. mixed data typesin a single column

Optional Data Cleaning: data imputation, etc.

e Data Cleaningld—I&

e Obligatory Data Cleaning: 3

&H D3

)

EEAutoMLY —)LANDOBZO]EE(C T Dizsh. T —4

Y hORAIGEE(CHELET . T—Fy bOBEYIRTI— K, A\WwAEH—DIEIE,
BEGMEHEDRZE, BHHS ANDORIBEZ SOOI, InfEDIFIL, JBa
T —FBEEONSLVPTFI NN S LAOIIEEDIE L DG LTS — DO/ IHE

: AutoMLY —JLND AT BE(C T DTcsh. Obligatory
‘ B2iTW\WE T, RIBMELIEDPEHB DS ADT > O— REHMT
NNET ., Z<DEFEAUtOMLY —)LIECNSOIIENTIEEIRTZ8D. FIR(FFERTT

TWET
e Optional Data Cleanin
Data Cleaning(Chi:X TAL

21 © 2023 Fuijitsu Limited



2.4 5F—HS5>2DVUSDE (3) FUjiTSU

B3 pata Enrichment: Add new features to ML datasets oFT I/ETE (C L 7:—_—_ Data enrichment
New Features for Text Embedding with LLM. “Sentence” (X U CTARIREZEET)L(LLM)ZBLETFR
hoply Dimension Reduction to Text Embedding IBDIAMFHENBINESNE T GElIRR—2)
New Features for Text by KeyPhrase Extraction with LLM. “Sentence”(C U CLLMICKBF—T L —XFHENBIMNENET
New Features for Text or ID-like Features by Clustering with LLM. “Sentence”(C UCLLMICK D IS AIFHHIENEIMENE T
New Features generated from List. “List”(Cxt U CRTZIMF-ENEINSNE T
New Features generated from Datatime. “Datetime”(CXt U CHIZIRFFEENEINESNET
New Features generated from URL. “URL" (X U CHRTZIMFHIEN BN ENE T
New Features generated from Embedded Numbers. “Embed”(CXt U CHRTZ IS HEEN BN ENE T
New Features generated from Number Ranges. “Range” (Xt U CHRTZ /I FHEN BN SNER T
New Features generated from Unit Features. “Unit” (Cxt U TRz SENE M ENE S
New Features generated from Inequality Sign. “Sign”(CXF U CHRTZIMFHEN BN SNET

22 © 2023 Fuijitsu Limited



2.4 57—=HAS5 >0 VUIEGE (4) FUJITSU

E?] Data Enrichment: Add new features to ML datasets

’ 1 New Features for Text Embedding with LLM.

2 Apply Dimension Reduction to Text Embedding 1 j]\\a:l “J g éné & 2 -,J\‘IE*LEE g—

3 Select input type for reduced dimension:

© Number Input 2 73\\?1 \\J 03“5 C‘: 3 UVEEMER 9

Slider

’

Enter the reduced dimension

Press Enter to apply |

o T+ A MEMDIAHILTE
o 2 BBIRTBE. RTHIFNTER MESHAMSHE(CH LU TERSNET
o 3 DESIC. FAANZSAS—ZHNTRITE(LIDS768DME) 2R ETZET

23 © 2023 Fuijitsu Limited



2.4 T7—H9S5>0VU>DEE (5)

°
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|D Actions to be Performed & Explanations

Obligatory Data Cleaning will be conducted. The Data cleaning module will check for possible dataset
errors and fix them, including but not limited to: decode datasets as necessary, clean headers, remove
irrelevant features, drop NaN cells in target, process and replace infinite values, handle columns with

mixed data types, encode the target column for machine learning compatibility, text column cleaning, etc.

LLM Embedding will be conducted
Embedding dimension is:768

Because columns ['last_review', 'reviews_per_month'] are detected as Datatime features, new features

will be generated from these Datatime features, for example, MM/DD/YYYY == MM, DD, YYYY

Columns ['price'] are string instead of numerical values. To better use the features, the string will be

converted into numerical values, or the numerical values embedded in the string will be extracted.

Because columns ["'price’] are detected as Embedded Number features, new features will be generated
from these Embedded Number features, for example, $1,000 == 1000

24

el DLOIT

N

>0V > hNE

NDHDREAN

/97

J-IJ:

[CERIRSNZ

<9
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2.5 F7—=ASDVUIRTERBR (1) FUJITSU

3. Conduct Data Wrangling

Press the button to start data wrangling

Start Data Wrangling

o5 —~S>/J > /J%TEH%. "Start Data Wrangling”/h4 > %
9 L TEX t(CData Cleaning&Data EnrichmentHh\Fta =
AESE]

25 © 2023 Fuijitsu Limited



2.5 F7—AS2DVUIRGTERR (2) FUJITSU

L Start Data Wrangling J

neighbourhood
Kensington

1 Midtown

2 Harlem

3 Clinton Hill

4

5 Murray Hill

Bedford-Stuyvesant
7 Hell's Kitchen
Upper West Side

% Chinatown

Press the button to start data wrangling

room_type
Private room
Entire home/apt
Private

Entire home/apt
Entire home/apt
Entire home/apt
Private room

Private room

Entire home/apt

3. Conduct Data Wrangling

minimum_mnign

orice

149.5

150

89.5

80

200

name_dimension_0

-0.0475

-0.0469

-0.0125

-0.0686

-0.046

-0.0486

0.0158

-0.0356

-0.0445

-0.07

0T —~FS T IJRT
7B, WEnfz—%4
v MOIRRSANEKD

26 © 2021 Fuijitsu Limited
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°
FUJITSU

Descriptive statistics
b7 st_review_Year | last_review_Month st_review_D st_review_WeekDay st_review_Hou
count 56 8,660 8,660 8,660 8,660 8,660
unique |
to
freq
mean &7 2,017.7411 6.3028 159072 3.1374 0
std a5 1.6403 2.6837 5.8054 2.2032 0
min 78 2,008 1 1 0 0
25 16 2,016 5 6 1 0
5 a9 2,019 6 17 3 0
75 53 2,019 & 24 5 0
27

LU EE

ot

K9
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2.5 F7—=ASDVUIRTERBR (4) FUJITSU

Click to Download Enriched Dataset

Click to Download ML Task Specification in JSON

Show the Differences between the Original Dataset and Enriched Dataset

Click to View EDA Report for the Enriched Dataset

O"Click to Download Enric

NnNEg, 57>

RENET—4

AUtoMLZEDE

IR T —S =

28

= (CH]

L riched Dataset”7h% > 729 LAl
WEnic—4~ty b O—A)ILY> > (A > 00— RS
— 7w MNMICSVHEI( T,

{AJHE T 9

© 2023 Fujitsu Limited



2.6 T—=HASDVUIDIRGTEBR (5) FUJITSU

Click to Download Enriched Dataset

Click to Download ML Task Specification in JSON

Click to View EDA Report for the Enriched Dataset

Show the Differences between the Original Dataset and Enriched Dataset

"target_dataset™: "Enriched_dataset.csv”,
"target feature”: |

O"”Click to Download ML
B FEE S X TETEN
Fx 9, HEIMEZSY XTETE

IRB 7T I —=3

/(L_iFIJ

ask Specification”’/N5 > Z# 9
— BRI (CAH T O—-REan
(IJSONH/:_LE_C AutoMLZFDE
JEEC 9

29 © 2023 Fuijitsu Limited



2.6 TSPV VUDRTERBR (6) FUJITSU

Click to Download Enriched Dataset
Show Detailed Dataset Differences ~

Click to Download ML Task Specification in JSON ’

Select the number of rows to show
First 10 Rows

rrrrrrrrrrr

Show the Differences between the Original Dataset and Enriched Datase

First 100 Rows
Show Detailed Dataset Differences

Click to View EDA Report for the Enriched Dataset Top 5% Rows

Select the number of rows to show

® FRRDINT > T Iw D |
® MEE_H\'I'] &MEE'/{é?_gt \\J I\O) Show Dataset Differences -

B \(BE TR NERSNE 3
g_ 4 name eighbourhood neighbourhood  room_type room_type minimum_nights ™

Private Private

MY, “Select the number of rows " e ensndton KN o oo

Y J— e ] ‘
to S h OW ,,/—I_\g \/ t\‘ E/_.l_\yu ;& % /g\ E 1 E:i:temmown Midtown Midtown :Z;r:.-’apt :z::ee,a‘apt 1
t\‘ g i g_ o 2 nan Harlem Harlem Private Private nan

Cozy Entire

— AN E Ent Ent
. \ AN 3 Floorof Clinton Hill  Clinton Hill ntire ntire 1
home/apt home/apt
7N 741_ RN Brownstone
\‘ﬁ \ ' . Entire Apt:
Spa Ent Enti
; j /] \ d ‘ | L & 9 o Spacious nan nan ntire ntire o

Studio/Loft by home/apt = home/apt

° FT4)L N TR10FIERENET

central park
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longitude
Real number (&)
i R Distinct 941 Minimum -74.16534
Click to Download Enriched Dataset Distinet (6 94.4% Maxirmum 276133
Missing 0 Zeros 0 ‘||||
Missing (%) 0.0% Zeros (%) 0.0% .I| | ... . .
Click to Download ML Task Specification in JSON e ’ Negatve o '
Infinite (%) 0.0% Negative (%) 100.0%
Mean -73.963337 Memory size 47.9 KiB
Show the Differences between the Original Dataset and Enriched Dataset b

neighbourhood
Text

Aick to View EDA Report for the Enriched Dataset

Distinct 97
Distinct (%) 9.7% l;l'a m u r
ed stuyve g

® ﬁj:jznwd)/_;g \/%0 IJ \\J 0 §_5 Correlations ::::: %) E_D% [ch llage

1de ........

IR ENTeT -ty MM | . nestEals 7

U CEDAEERENERRSNE T
o f: IR —Stzwv MMIIFE(CE
LDASLHHBDFE (Hl: TFX
MEDIAFHFEEZIENN), EDAFS =

ROAERKICEEINMNNDET =

© 2023 Fujitsu Limited




HLWTF—SEY b FUJITSU

1. Upload Dataset (CSV) for Data Wrangling

Please upload your dataset for ML applications.

g and el o e 4N WRT—FY ML TT —

- szﬁU/ObWTbﬁbm
) =Sty hEIIES. OB
J name | IhI n_type winime b % g | J Sy, 0 L/_C — ga \/ 0

0 2,539 Clean & quiet apt home by the park Kensington Private room 1
AN
. , , , 1] > I =
1 2,585 Skylit Midtown Castle Midtown Entire home/fapt 1 / D ¢
2 3,647 Harlem Private
3 3,831 Cozy Entire Floor of Brownstone Clinton Hill Entire home/apt 1
5,022  Entire Apt: Spacious Studio/Loft by central park Entire home/apt
5 5,099 Large Cozy 1 BR Apartment In Midtown East Murray Hill Entire home/apt 3
5 5,121 BlissArtsSpace! Bedford-Stuyvesant Private room 45
7 5,178 Large Furnished Room Mear B'way Hell's Kitchen Private room
5,203 Cozy Clean Guest Room - Family Apt Upper West Side 2
9 5,238 Cute & Cozy Lower East Side 1 bdrm Chinatown Entire home/apt none
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Thank you




	スライド 1:   Fujitsu Kozuchi Auto Data Wrangling 利用手順書
	スライド 2: Fujitsu Auto Data Wrangling
	スライド 3: できること・できないこと
	スライド 4: 2通りの使い方
	スライド 5: 環境へのアクセス
	スライド 6: 2. Fujitsu Auto Data Wrangling ウェブアプリ使用方法
	スライド 7: 2.1 サンプルデータセットでの始め方 (任意)
	スライド 8: サンプルデータセット #1
	スライド 9: サンプルデータセット #2
	スライド 10: サンプルデータセット #3
	スライド 11: サンプルデータセット #4
	スライド 12: 2.2 データセットと問題設定の指定 (1) 
	スライド 13: 2.2 データセットと問題設定の指定 (2) 
	スライド 14: 2.2 データセットと問題設定の指定 (3) 
	スライド 15: 2.2 データセットと問題設定の指定 (4) 
	スライド 16: 2.3 Feature Type Inference (1)
	スライド 17: 2.3 Feature Type Inference (2)
	スライド 18: 2.3 Feature Type Inference (3)
	スライド 19: FTI結果の編集 (任意)
	スライド 20: 2.4 データラングリング設定 (1)
	スライド 21: 2.4 データラングリング設定 (2)
	スライド 22: 2.4 データラングリング設定 (3)
	スライド 23: 2.4 データラングリング設定 (4)
	スライド 24: 2.4 データラングリング設定 (5)
	スライド 25: 2.5 データラングリング実行と結果 (1)
	スライド 26: 2.5 データラングリング実行と結果 (2)
	スライド 27: 2.5 データラングリング実行と結果 (3)
	スライド 28: 2.5 データラングリング実行と結果 (4)
	スライド 29: 2.6 データラングリング実行と結果 (5)
	スライド 30: 2.6 データラングリング実行と結果 (6)
	スライド 31: 2.6 データラングリング実行と結果 (7)
	スライド 32: 新しいデータセットを試す場合
	スライド 33: お問合わせ（お客様向け）
	スライド 34

